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1 A wormhole into longevity 3 Each omics layer resolves canonical daf-2 phenotype

« C. elegans is a scalable, well-documented model Proteomics HILIC-Metabolomics
with whole-organism metabolic phenotypes. daf-2 vs N2; FDR <0.2, 10g2FC > 0.5
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indicating class-specific reorganization of storage and membrane lipids.

d daf-2 actively remodels both energy-storage lipids and membrane phospholipids, consistent with coordinated
lipidome reprogramming that supports the longevity phenotype.
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