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Fig. 1: Run & Done: The BPS platform allows data to be streamed
during acquisition for processing on a separate workstation, allowing
for real-time data analysis, so that when acquisition completes,
users have data for review.

Method:
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search results filtered to 1% PSM FDR. Previously shown that
BPS Novor is highly accurate and precise on a variety of
datasets. On amino acid level, at 75% precision, BPS Novor
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-ig. 2 Amino acid precision-recall graphs (A) for three MHC class 1 eluted samples from PXD022194 (Feola et al,, 2021) . The
nercent of correct amino acids and peptides assigned by each scoring model is also shown (B). (C)The time required to process
these dataset are illustrated showing negligible changes due to the scoring models, particular in relation to the LC gradient of

45min.
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Fig. 2: Evaluation of MHC model on low-input primary melanoma tumor derived HLA-I immunopeptidomes from MSV000091456
The 10 samples were reprocessed using BPS's standard unspecific digestion model and the MHC model. (A)
Amino acid precision-recall graphs for representative samples along with (B) the percent of correct amino acids and peptides assigned by
each scoring model. (C) The number of 8-11Tmer peptide sequences identified in each of the samples with both models (with percentage gain
with the MHC model). (D) The processing time required for each of these 120min dda-PASEF acquisitions for each model.

(Phulphagar et al.,, 2023)
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Conclusion:

= Afast, accurate and precise peptide de novo sequencing

algorithm has been integrated into BPS, providing Run &
Done capabilities to additional 4D-Proteomics
applications.

= A purposefully optimized MHC scoring model shows

noticeable increase in accuracy for immunopeptidomics
datasets with minimal change in computation time.
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